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 Background: Adolescence obesity has now become an epidemic. In recent years, Internet addiction has 
been identified as a risk factor for obesity. We aimed to evaluate the role of some mediators such as sleep 
quality, physical activity and fast food consumption in the relation between internet addiction and Body 
Mass Index (BMI) among adolescents.  

Study design: A cross-sectional study. 

Methods: Overall, 928 students, aged between 13 and 17 yr, were randomly selected in Behbahan, 
southwestern Iran from Oct 2017 to Dec 2017. Data were collected using a demographic survey, Young's 
internet addiction, Pittsburgh sleep quality, and food frequency, questionnaires. Data analysis was 
performed using Partial Least Squares (PLS) path analysis. 

Results: PLS path analysis revealed that the direct effect of Internet addiction on BMI was (Path 
Coefficient = 0.16, [95% CI: 0.12- 0.21]). Moreover, the indirect effect of internet addiction on BMI through 
sleep quality was (f2 = 0.12 (P<0.001)), physical activity (f2 =0.04 (P<0.001)), and fast food consumption 
( f2 = 0.05 (P<0.001)). 

Conclusions: Results of this study regarding the relationship between internet addiction and BMI and the 
effect of this phenomenon on sleep quality, physical activity and dietary habits suggest planning 
prevention and treatment programs to reduce the prevalence of this phenomenon in schools. 

Keywords: 

Body Mass Index  

Internet Addiction 

Adolescents 

Iran 

* Correspondence: 

Mehdi Jamshidi (BSc) 

Tel: +98 71 37251020 

E-mail: mehdian3@yahoo.com 

Citation: Tabatabaee HR, Rezaianzadeh A, Jamshidi M. Mediators in the Relationship between Internet Addiction and Body Mass Index: A Path Model Approach 
Using Partial Least Square. J Res Health Sci. 2018; 18(3): e00423. 

Introduction 

dolescents’ obesity has been introduced by WHO as 

an epidemic in the 21st century1. Body Mass Index 

(BMI) at or above 85th and 95th percentiles are defined 

as overweight and obesity for adolescents, respectively2-4.  

Overweight and obesity are associated with increased 

blood pressure, diabetes, and other non-communicable 

diseases in adolescents2,5,6. In addition, many psychosocial 

effects result including low self-confidence, social isolation, 

drug abuse, anxiety, depression and even suicide2. 

About 1.2 million adolescents worldwide are overweight 

and obese, among them, 88% are living in developing nations7. 

The prevalence of obesity in Iranian adolescents increased 

from 10.4% to 10.8% between 2005 and 2010 and was shown 

to have an increasing trend in recent years. 

Due to the increasing the prevalence of obesity among 

adolescents in recent years, novel environmental risk factors 

such as internet addiction have been studied as an independent 

risk factor associated with obesity8-11. 

Although a standardized definition has not been uniformly 

agreed upon, Internet addiction involves an individual’s 

inability to control his or her use of the Internet, negative 

consequences (e.g., failing in school, decreased productivity), 

and marked distress and functional impairment12, 13. People 

with internet addiction neglect not only their responsibilities 

and obligations at home and society but also refuse to do 

physical activity10.  

Numerous studies have been conducted on the relationship 

between Internet addiction and BMI in school-aged 

adolescents 8-10, 14. In China, the prevalence of internet 

addiction was significantly higher in overweight and obese 

people11. The direct relationship has been widely examined, 

while there is no clear biological mechanism for the direct 

relationship, as internet addiction is associated with the BMI 

without any mediator. 

The main effect of this relationship is mediated by other 

factors. Internet addiction can reduce the duration of physical 

activity, the duration, and quality of sleep, and lead to use 

unhealthy food products 15 which, can finally lead to 

overweight and obesity in adolescents.  

A 
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In Iran, most Internet addiction studies focused on the 

prevalence or psychological features, and the association 

between internet addiction and BMI in adolescents has been 

less studied. In a few studies conducted in Iran, the prevalence 

of internet addiction varied from 15% to 22%16, 17. No similar 

studies have been carried out on the prevalence of internet 

addiction and its relation with BMI in the presence of the 

mediator variables among adolescents in Iran.  

Therefore, we aimed to estimate the prevalence of internet 

addiction in the adolescents aged 7-17 yr in Behbahan City, 

and examine important pathways through which internet 

addiction can associate with obesity using path analysis. 

Methods 

Study design  

In this cross-sectional study, 928 students, aged between 

13 and 17 yr, were selected in Behbahan City, southwestern 

Iran between Oct 2017 and Dec 2017.  

Study population 

Sample size calculation was based on prevalence of 

overweight in adolescents 16.5% based on a previous study18, 

a precision of 3% and confidence level of 95%, considering 

the design effect 1.5 and 5% of non-response, the required 

sample size was calculated to be 928. 

Subjects were selected using multistage sampling. At first 

stage, the population was divided into urban and rural area 

(strata), and a total of four health centers were selected as 

cluster from each area (clusters). Then, a number of schools 

were selected from each cluster. Eventually, a class in each 

school was randomly selected. All students of the selected 

classes were recruited into the study. The questionnaires were 

distributed after the oral consent was obtained from all 

participants.  

The inclusion criteria were students aged 13-17 yr. The 

exclusion criteria included students with asthma, hypertension, 

diabetes, heart diseases, and sleep apnea 

Informed consent was obtained from the parents of 

students for participation. 

Internet addiction  

The Internet addition was evaluated using Young's internet 

addiction questionnaire, widely used in international studies10, 

and its validity and reliability have been proved in previous 

studies19, 20. This questionnaire consists of twenty items with 

Likert scale ranging from 1 to 5, and the total score for each 

individual will be between 20 and 100. A score of 20 to 49 

shows an average online user, the scores between 50 and 69 

represent occasional or frequent problems due to internet, and 

score greater than 70 is classified as significant problems10. 

This questionnaire is comprised of six psychological 

components including salience, excessive use, anticipation, 

neglect of work, neglect of social life, and lack of control20. 

The Iranian version of this questionnaire was shown to have 

acceptable reliability and validity21 with a Cronbach’s alpha of 

0.93. The Cronbach’s alpha of the present study was calculated 

0.86. 

Sleep quality 

Sleep quality was also assessed using a standard and valid 

questionnaire of Pittsburgh sleep quality index22 which 

included seven components, subjective sleep quality, sleep 

latency, sleep duration, habitual sleep efficiency, sleep 

disturbances, use of sleeping medication, and daytime 

dysfunctions. The items in this questionnaire are based on a 4-

point Likert scale. The score of each item is from ranged from 

0 to 3. The final score of the questionnaire will be the total 

score of seven components, which will be 0 to 21 for each 

person. A score over 5 will represent poor sleep quality, and 

the score of less than 5 indicate good sleep quality. The Iranian 

version of this questionnaire showed acceptable validity and 

reliability23 with a Cronbach’s alpha of 0.78. The reliability of 

this study was calculated (Cronbach’s alpha=0.74). 

Dietary habits 

We evaluated dietary habits using the food frequency 

questionnaire (FFQ), comprised of 87 items on all major food 

groups and other types of food. The consumption of each food 

was defined as "the frequency of consumption per day", "the 

frequency of consumption per week", "the frequency of 

consumption per month", and "do not consume". The 

frequencies of consumption of all types of food were converted 

into daily frequencies and then, data were entered into the 

statistical software. This questionnaire revealed a good 

validity and reliability in similar studies in the studied age 

group (Pearson correlation coefficients between test and retest 

for foods was r=0.82) 24. The reliability of the questionnaire in 

this study was (Cronbach’s alpha=0.80). 

Fast food consumption of each subject was extracted using 

the information obtained from the questionnaire. 

In order to determine the physical activity, participants 

were asked about the number of days and hours they do 

physical activity per week, and finally, the physical activity of 

each person was determined in average minutes per day. 

Anthropometric measurements  

Weight was measured and recorded in kilogram with 

standard and portable scales with minimal error, with light 

clothes and no shoes. Height was measured and recorded to the 

nearest millimeter without shoes, using a portable stadiometer. 

BMI was also calculated as weight in kilograms divided by 

height in meters squared. 

Finally, the BMI percentile was calculated by matching the 

BMI with age and sex, based on the Centers for Disease 

Control and Prevention (CDC) growth charts25. 

According to the WHO Expert Committee, individuals 

based on the BMI percentile were categorized into four groups: 

underweight (less than or equal to the 5th percentile), normal 

or healthy weight (between the 5th and 85th percentile), 

overweight (between the 85th to 95th percentile), and obese 

(over 95th percentile)3. 

Statistical analysis 

Data analysis was done with SPSS software ver. 20 

(Chicago, IL, USA) for descriptive analysis and path analysis 

was performed using Smart PLS-326. Statistical significance 

was determined in 0.05 level. 

Partial least squares method (PLS) is a variance-based 

method, in contrast to older methods based on covariance. This 

method usually is used when the model theory has not been 

developed sufficiently, as well as when the sample size is small 

or there are non-normal data, so there would be no specific 

presumption about the data distribution in this method18. 

https://www.seca.com/en_ge/products/all-products/product-details/seca213.html
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To evaluate the structural model in PLS, the coefficient of 

determination )R2) is used and, the values of 0.25, 0.50 and 

0.75 are considered as weak, moderate and strong, 

respectively. The effect size of the variables (f2) in the model 

also represents the extent to which each independent variable 

affects the dependent variable, with the values of 0.02, 0.15, 

0.35 classified as weak, moderate and strong, respectively. In 

the PLS model, the minimum value of 0.7 is considered for 

factor loadings18. 

The hypothetical model of this study was designed based 

on the relationships examined in the previous studies 27-39. 

However, there is no study that determined the mediating 

effects on internet addiction and BMI. 

The hypothesized model was designed according to Figure 

1. The existence of non-normal data and non-development of 

the hypothesized model are the main reasons for path analysis 

using the Partial least square method. 

 
Figure 1: The hypothesized model of the relationship between internet addiction, the sleep quality, physical activity, and fast food consumption with BMI among 

students 

Results 

This study was conducted on 904 students. Overall, 24 

subjects were excluded from the study. The mean and standard 

deviation of the participants' age in the study was 15.03 ± 1.34 

year.  

Table 1 displays the sample characteristics of participating 

adolescents in the total sample stratified according to gender. 

About 49% of the participants were male and 51% were 

female. 77.1% of the subjects were from urban area and 22.9 

were from rural area. 

Table 1: Sample characteristics of participating adolescents according to gender with absolute numbers and percent of categorical variables 

 Male, n=443 Female, n=461 Total 

Variables Number Percent Number Percent Number Percent 

Residence        
City 341 76.9 356 77.2 697 77.1 

Rural 102 23.1 105 22.8 207 22.9 

Family size      
≤4 228 51.5 216 46.9 444 49.1 

5-6 194 43.8 218 47.3 412 45.6 

7-9 20 4.5 27 5.8 47 5.2 
≥10 1 0.2 0 0.0 1 0.1 

Father's education      

Illiterate 9 2.0 18 3.9 27 3.0 
Primary school 45 10.1 43 9.3 88 9.8 

Middle school 69 15.6 101 21.9 170 18.8 

High school 126 28.5 113 24.5 239 26.4 
Academic 194 43.8 186 40.4 380 42.0 

Mother's education      

Illiterate 7 1.6 12 2.6 19 2.1 
Primary school 71 16.0 72 15.6 143 15.9 

Middle school 103 23.3 108 23.4 211 23.3 

High school 122 27.5 132 28.6 254 28.1 

Academic 140 31.6 137 29.8 277 30.6 

Type of school      

public 352 79.5 378 82.0 730 80.8 
private 91 20.5 83 18.0 174 19.2 

Computer availability in bedroom    

yes 168 37.9 171 62.9 339 37.5 
no 275 62.1 290 37.1 565 62.5 
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The prevalence of Internet addiction (IATEST ≥50) in this 

study was 12.71%, and poor sleep quality (PSQI SCORE >5) 

was 21.12%. Moreover, the prevalence of overweight and 

obesity in the study population were 17.69% and 6.19%, 

respectively (Table 2). 

Table 2: Characteristics of participants (for variables in the model) by gender 

 Male, n=443 Female, n=461 Total 

Variables Number Percent Number Percent Number Percent 

BMI (kg/m2)      

Underweight 20 4.5 14 3.0 34 3.8 

Normal 311 70.2 343 74.4 654 72.3 

Overweight 83 18.7 77 16.7 160 17.7 

Obese 29 6.6 27 5.9 56 6.2 

Internet addiction (score)     

≤50 390 88.0 399 86.6 789 87.3 

50-69 43 9.7 51 11.1 94 10.4 

>70 10 2.3 11 2.4 21 2.3 

Sleep quality (score)     

<5 353 79.7 360 78.1 713 78.9 

≥5 90 20.3 101 21.9 191 21.1 
 

The mean and standard deviation of daily physical activity 

in minute, and frequency of fast food consumption per week 

were 66.97±33.5 and 2.08±1.53, respectively. 

The prevalence of internet addiction within BMI percentile 

categories stratified by gender is shown in Table 3. 22.32% 

and 25.32% of the male and female at 85th percentile or higher 

displayed some degree of internet addiction respectively. 

Table 3: The prevalence of internet addiction among adolescents within BMI groups by gender 

 Male, n=443 Female, n=461 

Internet addiction (score) Underweight Normal Overweight Obese Underweight Normal Overweight Obese 

≤50 18 285 67 20 13 310 58 18 

50-69 2 23 10 8 1 29 14 7 

>70 0 3 6 1 0 4 5 2 

After testing the model, considering the low factor loading 

(0.16), the component, use of medication was eliminated from 

the model due to the low consumption of sleep medication in 

the study population, and limited number of items on sleep 

quality, in order to achieve better fitting 18. Since component 

of salience was collinear with the other components of internet 

addiction and it has the same concept as excessive use, it was 

integrated into this component. The final model is presented in 

Figure 2. The validity and reliability of the structural model in 

PLS include the Cronbach's Alpha, the Average Variance 

Extracted (AVE), Composite Reliability and the rho-A, and 

the values for all constructs show the appropriate validity and 

reliability of the model. 

 
Figure 2: Path diagram for the partial least squares (PLS) model linking relationship internet addiction, sleep quality, physical activity and fast food consumption 
with BMI. 

The model fitting of the path analysis in PLS3 was 

evaluated by Standardized Root Mean Square Residual 

(SRMR(, Normed Fit Index (NFI), Exact Model Fit, Chi², and 

Rms theta . As such, the values of SRMR <0.08 and NFI> 0.9 

represent a good model fitting, other fit indicators of the model 

are also acceptable. 

The R2 values for the endogenous variables of the model, 

sleep quality, fast food, and physical activity were calculated 
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at 0.26, 0.21, and 0.23, respectively. Moreover, according to 

the results of the path analysis, 32% of the variance of BMI of 

the study population is explained by internet addiction, sleep 

quality, fast food consumption, and physical activity. Table 4 

shows direct, indirect and total effects of exogenous variables 

on the endogenous variables. The indirect effects of internet 

addiction were shown to be more than direct effects, indicating 

the effect of mediating variables in the model. 

Table 4: The direct, indirect and total effects of independent variables on BMI 

Latent variable Direct effect Indirect effect Total effect 

Internet addiction  0.16 0.26 0.42 

Sleep quality 0.24 0.11 0.35 

physical activity -0.16 0.00 -0.16 

Fastfood consumption 0.19 0.00 0.19 

The effect size (f2) of internet addiction on fast food 

consumption, physical activity, and BMI were 0.05, 0.02, and 

0.04, respectively showing the medium effect size of internet 

addiction on these three variables. The effect size of internet 

addiction on sleep quality was 0.35, reflecting the large effect 

size (f2) of this variable on sleep quality. The effect size (f2) of 

sleep quality on physical activity, fast food consumption and 

BMI was 0.1, 0.08 and 0.05, respectively, indicating a 

moderate effect size (f2). Similarly, the effect size (f2) of 

physical activity and fast food consumption on BMI were 0.02 

and 0.04 respectively, which represents the medium effect size 

(f2) in the model. 

Table 5 shows the path coefficients in the final model. 

Results of table three demonstrate that all paths are significant 

at a level of P<0.001, with the path of internet addiction to the 

sleep quality to obesity as the highest path coefficient leading 

to the BMI in the model (f2 = 0.12, P<0.001). 

Table 5: Path coefficients in the original sample and the mean of the bootstrapped samples with bootstrapped t-test estimates and P values for BMI  

Path Original Sample Sample Mean SD t-test P value 

Internet addiction to fast food consumption to BMI 0.047 0.047 0.011 4.241 0.001 

Internet addiction to sleep quality to fast food consumption to BMI 0.03 0.03 0.006 4.555 0.001 

Internet addiction to physical activity to BMI 0.036 0.036 0.009 4.145 0.001 

Internet addiction to sleep quality to physical activity to BMI 0.027 0.027 0.006 4.726 0.001 

Internet addiction to sleep quality to BMI 0.123 0.124 0.018 7.015 0.001 

Internet addiction to sleep quality to fast food consumption 0.15 0.15 0.019 7.724 0.001 

Internet addiction to sleep quality to physical activity -0.169 -0.169 0.018 9.153 0.001 

Discussion 

The aim of this study was to determine the prevalence of 

internet addiction in adolescents and to investigate the 

relationship between internet addiction and BMI and the 

mediating role of sleep quality, physical activity, and fast food 

consumption in adolescents. The prevalence of Internet 

addiction in this study was 12.7%. In Iran, the prevalence of 

internet addiction was reported as 22.2% among students 16.  

The difference between the results of this study with our 

findings may be due to age differences in the study subjects, 

as this study investigated high school students, whereas we 

included middle school and high school students. Besides, 

only students from urban areas were recruited, while we 

recruited students from both urban and rural areas. In another 

study, the prevalence of Internet addiction was 15% among 

adolescents aged 14-16 yr17, which was in compliance with the 

findings of our study. In China, the prevalence of Internet 

addiction among Chinese adolescents was 21.23 11. 

Findings of the present study showed that 24.5% of the 

overweight subjects showed some degree of internet addiction, 

while in non-overweight individuals, the prevalence of internet 

addiction was 10%. The study on Turkish adolescents 

supported these findings. In addition, there was a significant 

relationship between internet addiction and BMI in Turkish 

students aged 14-18 yr10. 

In the present study, the indirect effects of Internet 

addiction on BMI can be explained by many factors. There was 

a significant positive relationship between Internet addiction 

and sleep quality, which was in accordance with previous 

studies, poor sleep quality is more prevalent among internet 

addict. Internet addiction reduces the quality of sleep40. 

Internet addiction was associated with poor sleep quality27, 28. 

Moreover, Internet addiction was associated with decreased 

tendency for physical activity34, 35, impaired hormonal balance, 

increased ghrelin level and reduced level of Leptin hormone 

can increase feeling of hunger and eventually increase calorie 

intake, leading to overweight and obesity41. Poor sleep quality 

as one of the consequences of Internet addiction can also 

increase the tendency to use unhealthy foods. 15.8% of the 

people who reported good sleep quality, were fast food 

consumers, whereas 19.5 % with poor sleep quality reported 

fast-food consumption32. In addition, there was a significant 

inverse relationship between internet addiction and physical 

activity. Internet addiction through reduction of physical 

activity leads to an increased risk of overweight and obesity 29. 

Physical activity in people with no internet addiction was 55%, 

while it was reported 47% among internet addicts. Students 

with signs of internet addiction reported unhealthier lifestyle 

and consumed more fast foods. In this study, 20% of people 

with Internet addiction used fast food daily, while 16% without 

internet addiction reported using fast foods31. All paths were 

significant in the final model and found that internet addiction 

is, directly and indirectly, related to the BMI. Generally, the 

effect size of the model variables was shown to be small and 

medium. The effect size of the variables in this model is 

attributed to the prevalence of the study variable. Relatively 

intermediate prevalence of variables in the model has made the 

coefficients of correlation between the variables of the model 

low and ultimately leads to the small and medium effect sizes 

in the model. In similar populations in which the prevalence of 

Internet addiction, poor sleep quality, insufficient physical 

activity and fast food consumption is higher, these variables 

will reveal greater effect size in the similar model. 

This is the first study that examined the role of variables 

mediated in the relationship between Internet addiction and the 

BMI by using path analysis. It is also the first study in Iran that 

investigated the relationship between Internet addiction and 

BMI among children and adolescents. This is a cross-sectional 
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study that makes causality investigation impossible. 

Moreover, the precision of self-reporting questionnaire may 

not be sufficient for measuring some variables, such as sleep 

quality and dietary habits. Otherwise, lack of measurement of 

other latent variables, such as personal psychosocial 

characteristics including depression, anxiety, etc., that can 

mediate this relationship, and the direct relationship found 

between internet addiction and BMI can be due to the absence 

of these variables. Eventually, other variables can be effective 

in parallel with internet addiction in the above relationships, 

including watching television and playing computer video 

games, but it was impossible to measure all these variables in 

this study. 

Conclusion 

According to the results of this study and the confirmation 

of the relationship between Internet addiction and BMI and the 

effect of this phenomenon on sleep quality, physical activity, 

and dietary habits, planning prevention and treatment 

programs to reduce the prevalence of this phenomenon in 

schools is of great importance. 
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  Highlights 

 The prevalence of Internet addiction in this study was 

12.7%. 

 The Internet addiction has been higher in overweight 

and obese adolescents. 

 Path analysis revealed that Internet addiction, both 

directly and indirectly, was associated with Body Mass 

Index.  

 Prevention programs are needed to reduce the 

prevalence of Internet addiction. 

References 

1. Garcia-Continente X, Allué N, Pérez-Giménez A, Ariza C, 

Sánchez-Martínez F, López MJ, et al. Eating habits, sedentary 

behaviours and overweight and obesity among adolescents in 

Barcelona (Spain). An Pediatr. 2015; 83: 3-10. 

2. Chen DR, Truong KD, Tsai MJ. Prevalence of poor sleep quality 

and its relationship with body mass index among teenagers: 

Evidence from Taiwan. J Sch Health. 2013; 83: 582-8. 

3. Klish WJ. Definition; epidemiology; and etiology of obesity in 

children and adolescents. Up-To-Date, Rose, BD (Ed), Up-To-

Date, Waltham, MA2007. 

4. Skinner AC, Skelton JA. Prevalence and trends in obesity and 

severe obesity among children in the United States, 1999-2012. 

JAMA Pediatr. 2014; 168: 561-6. 

5. Kelishadi R, Haghdoost A-A, Sadeghirad B, Khajehkazemi R. 

Trend in the prevalence of obesity and overweight among Iranian 

children and adolescents: a systematic review and meta-analysis. 

Nutrition. 2014; 30: 393-400. 

6. Ogden CL, Carroll MD, Kit BK, Flegal KM. Prevalence of 

obesity and trends in body mass index among US children and 

adolescents, 1999-2010. JAMA. 2012; 307: 483-90. 

7. Teshome T, Singh P, Moges D. Prevalence and associated factors 

of overweight and obesity among high school adolescents in 

urban communities of Hawassa, Southern Ethiopia. BMC Obes. 

2013; 1: 23-36. 

8. Arora T, Hosseini‐ Araghi M, Bishop J, Yao G, Thomas GN, 

Taheri S. The complexity of obesity in UK adolescents: 

relationships with quantity and type of technology, sleep duration 

and quality, academic performance and aspiration. Pediatr Obes. 

2013; 8: 358-66. 

9. Chahal H, Fung C, Kuhle S, Veugelers P. Availability and night‐
time use of electronic entertainment and communication devices 

are associated with short sleep duration and obesity among 

Canadian children. Pediatr Obes. 2013; 8: 42-51. 

10. Canan F, Yildirim O, Ustunel TY, Sinani G, Kaleli AH, Gunes C, 

et al. The relationship between internet addiction and body mass 

index in Turkish adolescents. Cyberpsychol Behav Soc Netw. 

2014; 17: 40-5. 

11. Li M, Deng Y, Ren Y, Guo S, He X. Obesity status of middle 

school students in Xiangtan and its relationship with Internet 

addiction. Obesity. 2014; 22: 482-7. 

12. Ko C-H, Yen J-Y, Chen C-S, Chen C-C, Yen C-F. Psychiatric 

comorbidity of internet addiction in college students: an interview 

study. CNS spectrums. 2008; 13: 147-53. 

13. Leung L. Net-generation attributes and seductive properties of the 

internet as predictors of online activities and internet addiction. 

Cyber Psychology & Behavior. 2004; 7: 333-48. 

14. Bozkurt H, Özer S, Şahin S, Sönmezgöz E. Internet use patterns 

and Internet addiction in children and adolescents with obesity. 

Pediatr Obes. 2017. 

15. Bhandari PM, Neupane D, Rijal S, Thapa K, Mishra SR, Poudyal 

AK. Sleep quality, internet addiction and depressive symptoms 

among undergraduate students in Nepal. BMC Psychiatry. 2017; 

17: 106. 

16. Ahmadi K. Internet addiction among Iranian adolescents: a 

nationwide study. Acta Med Mediterr. 2014; 52: 467. 

17. Ghassemzadeh L, Shahraray M, Moradi A. Prevalence of Internet 

addiction and comparison of Internet addicts and non-addicts in 

Iranian high schools. Cyberpsychol Behav. 2008; 11: 731-3. 

18. Davari A, Rezazadeh A. Structural equation modeling with PLS. 

Tehran: Jahad Daneshgahi Organization; 2015. [Persian] 

19. Young KS. Caught in the net: How to recognize the signs of 

internet addiction--and a winning strategy for recovery: John 

Wiley & Sons; 1998. 

20. Widyanto L, McMurran M. The psychometric properties of the 

internet addiction test. Cyberpsychol Behav. 2004; 7: 443-50. 

21. Mohagheghi A, Alizadeh M, Shahriari F, Jabbari S. Validity, 

Reliability and psychometric evaluation of persian version of 

young internet addiction questionnaire for Tabriz University and 



7 / 7 Hamid Reza Tabatabaee et al 

 

JRHS 2018; 18(3): e00423 

Tabriz University of Medical Sciences Students. Res Dev Med 

Educ. 2015; 4: 153-7. 

22. de la Vega R, Tomé-Pires C, Solé E, Racine M, Castarlenas E, 

Jensen MP, et al. The pittsburgh sleep quality index: validity and 

factor structure in young people. Psychol Assess. 2015; 27: e22. 

23. Moghaddam JF, Nakhaee N, Sheibani V, Garrusi B, Amirkafi A. 

Reliability and validity of the Persian version of the Pittsburgh 

Sleep Quality Index (PSQI-P). Sleep Breath. 2012; 16:79-82. 

24. Hajikazemi E, Moghaddam M, Hosseini A, Heidarikhayat N. 

Relationship between obesity and food habits among female 

adolescents. Iran Journal of Nursing. 2012; 25:21-9. 

25. Kuczmarski RJ, Ogden CL, Grummer-Strawn LM, Flegal KM, 

Guo SS, Wei R, et al. CDC growth charts: United States. Adv 

Data. 2000:1-27. 

26. Ringle CM, Wende S, Becker J-M. SmartPLS 3. Bönningstedt: 

SmartPLS; 2015. Available from http://www.smartpls.com. 

27. Lam LT. Internet gaming addiction, problematic use of the 

internet, and sleep problems: a systematic review. Curr 

Psychiatry Rep. 2014; 16: 444. 

28. Canan F, Yildirim O, Sinani G, Ozturk O, Ustunel TY, Ataoglu 

A. Internet addiction and sleep disturbance symptoms among 

Turkish high school students. Sleep and Biological Rhythms. 

2013; 11: 210-3. 

29. George LX, Elisavet PD. The relation between physical activity 

and the use of internet in schoolchildren aged 13-15 yr old. The 

Swedish Journal of Scientific Research. 2016; 3(11): 1-7. 

30. Kim Y, Park JY, Kim SB, Jung I-K, Lim YS, Kim J-H. The 

effects of Internet addiction on the lifestyle and dietary behavior 

of Korean adolescents. Nutr Res Pract. 2010; 4: 51-7. 

31. Bener A, Bhugra D. Lifestyle and depressive risk factors 

associated with problematic internet use in adolescents in an 

Arabian Gulf culture. J Addict Med. 2013; 7: 236-42. 

32. Kruger AK, Reither EN, Peppard PE, Krueger PM, Hale L. Do 

sleep-deprived adolescents make less-healthy food choices? Br J 

Nutr. 2014; 111: 1898-904. 

33. St-Onge M, Wolfe S, Sy M, Shechter A, Hirsch J. Sleep 

restriction increases the neuronal response to unhealthy food in 

normal-weight individuals. Int J Obes. 2014; 38: 411-6. 

34. Garaulet M, Ortega F, Ruiz J, Rey-Lopez J, Beghin L, Manios Y, 

et al. Short sleep duration is associated with increased obesity 

markers in European adolescents: effect of physical activity and 

dietary habits. The HELENA study. Int J Obes. 2011; 35: 1308-

17. 

35. Harrex HA, Skeaff SA, Black KE, Davison BK, Haszard JJ, 

Meredith‐ Jones K, et al. Sleep timing is associated with diet and 

physical activity levels in 9–11‐ year‐ old children from 

Dunedin, New Zealand: the PEDALS study. J Sleep Res. 

2018;27(4): e12634 . 

36. Chen X, Beydoun MA, Wang Y. Is sleep duration associated with 

childhood obesity? A systematic review and meta‐ analysis. 

Obesity. 2008; 16: 265-74. 

37. Bawazeer NM, Al‐ Daghri NM, Valsamakis G, Al‐ Rubeaan 

KA, Sabico SLB, Huang TTK, et al. Sleep duration and quality 

associated with obesity among Arab children. Obesity. 2009; 17: 

2251-3. 

38. Gupta NK, Mueller WH, Chan W, Meininger JC. Is obesity 

associated with poor sleep quality in adolescents? Am J Hum 

Biol. 2002; 14: 762-8. 

39. Hart CN, Cairns A, Jelalian E. Sleep and obesity in children and 

adolescents. Pediatr Clin North Am. 2011; 58: 715-33. 

40. Kootesh BR, Raisi M, Ziapour A. Investigation of relationship 

internet addict with mental health and quality sleep in students. 

Acta Med Mediterr. 2016; 32: 1921-5. 

41. Taheri S, Lin L, Austin D, Young T, Mignot E. Short sleep 

duration is associated with reduced leptin, elevated ghrelin, and 

increased body mass index. PLoS Med. 2004; 1: e62. 


