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Abstract

Background: Poisson and negative binomial (NB) regression models are commonly used to
investigate the association between air pollution and hospital admissions for cardiovascular and
respiratory diseases. This study utilized the new Poisson-generalized Lindley (NPGL) regression
model to evaluate the relationship between air pollutants and daily hospital admissions for these
diseases among elderly individuals.

Study Design: An ecological cross-sectional study.

Methods: The data related to daily air pollutant concentrations, meteorological parameters,
and the number of hospitalizations for cardiovascular and respiratory patients were gathered
from the Environmental Protection Organization, the General Directorate of Meteorology,
Farshchian Heart Hospital, and Shahid Beheshti Hospital in Hamadan. Then, the relationship
between air pollution and daily hospital admissions was assessed using Poisson, NB, and
NPGL models.

Results: The findings indicated that the accuracy of the regression coefficients estimated in the
NPGL model was higher than that in the NB and Poisson models for most pollutants. Specifically,
the relative risk for carbon monoxide (CO) was calculated at 1.307 (95% confidence interval:
1.270-1.345). Cardiovascular hospitalization increased by 30.7% for each unit increase in CO
concentration. A significant and direct association was found between exposure to all pollutants,
except for PM, ., and hospitalization for respiratory diseases (P<0.05).

Conclusion: Overall, there was a significant relationship between air pollution and hospital
admissions for cardiovascular diseases (CVDs) and respiratory diseases among the elderly,
particularly regarding CO. This study indicates the need for policymakers to implement health
programs to mitigate the effects of air pollution on vulnerable elderly populations.

Please cite this article as follows: Moamer S, Leili M, Faradmal J. Short-term effects of air pollution on hospital admissions of the elderly with
respiratory and cardiovascular diseases using a new poisson-generalized lindley model. ) Res Health Sci. 2025; 25(1):e00. doi:10.34172/

jrhs.11533

Background

hospital admissions.” Palpitations, heart rate variability,

Air pollution has been identified as one of the world’s major
environmental problems with adverse effects on human
health. It particularly affects the respiratory and circulatory
systems.! According to the World Health Organization,
air pollution is responsible for seven million early deaths
worldwide.? It is known that growth in urbanization and
industrialization is one of the factors that increases air
pollution.’ The mortality rate increases with an increase in
the concentration of air pollutants.* Cardiovascular disease
(CVD) is responsible for 31% of deaths worldwide, and
air pollution leads to increased CVD complications and

increased blood pressure, and arteriosclerosis are some
of the cardiovascular complications associated with air
pollution.* In 2019, a study conducted in Yichang, China,
reported thattheassociationbetween fine particulate matter
(PM, ) and hospital admissions for CVDs and respiratory
diseases was stronger in elderly people and during the
cold season.® The most deaths related to air pollution
occur in low-income countries, such as Asian countries.?
The increase in the concentration of air pollutants is one
of the most serious environmental challenges in Iran.
This issue has placed Iran in seventh place in the global
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ranking of the most polluted countries. According to a
2018 meta-analysis performed in Iran, the increase in air
pollutants, such as PM,,, inhalable PM (PM, ), nitrogen
dioxide (NO,), sulfur dioxide (SO,), carbon monoxide
(CO), and ozone (0O,), leads to an increase in mortality
and admissions to hospital due to CVDs and respiratory
diseases.’ In addition, more than 8.6% of all deaths were
attributed to PM, , pollution in 2015.°

In a study conducted in Shiraz, vulnerable age groups,
especially the elderly, were more sensitive to air pollution.?
For instance, CO, PM, , NO,, SO,, and O, pollutants were
found to have an adverse effect on the respiratory system
of older people even at concentrations below the air
quality standards. The association between air pollutants
(exposure) and daily hospital admissions (outcome)
is assessed by assuming that the number of hospital
admissions follows a Poisson distribution.” ! However, one
of the properties of the Poisson distribution is that its mean
and variance are equal. For real data cases, this property is
often not present, implying that the variance of the data
is greater than their mean. This is called overdispersion.'?
In such a situation, an alternative solution to the problem
of overdispersion is to use the negative binomial (NB)
distribution. In 2017, Ardiles et al compared Poisson and
NB regression models to examine the association between
air pollution and hospitalizations for CVDs and respiratory
diseases. They plotted the half-normal probability plot
for both models. Based on this plot, the Poisson model
demonstrated a lack of fit to the data, indicating that the
Poisson model could not describe the data well."? The
other solution to the problem of overdispersion is to utilize
the mixed Poisson distribution. In 2021, Altun introduced
a mixed Poisson distribution, the generalized Poisson-
Lindley distribution (NPGL), to solve the problem. In
the NPGL distribution, the mean response is a random
variable that follows the Lindley distribution, which was
introduced by Ekhosuehi et al in 2018."* In 2021, Altun
expanded on this concept, demonstrating that the NPGL
distribution can reduce to the geometric distribution and
the Poisson-Lindley distribution for specific parameter
values. This flexibility makes the NPGL distribution
particularly effective for modeling data characterized
by overdispersion, right skewness, and zero inflation.
This makes it more flexible than the NB and Poisson
distributions. Altun further showed how this distribution
can be employed to model count data." To the best of our
knowledge, the studies conducted so far in Hamedan to
investigate the short-term health effects of pollution are all
based on Poisson and NB models."*"

This study aims to fit and compare three Poisson,
NB, and NPGL distributions to model the relationship
between air pollutants and daily hospital admissions due
to CVDs and respiratory diseases in Hamedan. This study
seeks to investigate a vulnerable group of elderly people.
In addition, the effects of meteorological parameters
are controlled to examine the relationship between air
pollution and hospitalization.

Methods

Study design and setting

This ecological and cross-sectional study was performed
to determine the relationship between air pollution and
hospital admissions for respiratory disease and CVDs
among the elderly (=65 years old) in the city of Hamedan,
Iran, in 2018.

Hamedan is one of the western provinces of Iran with an
area of 20172 km?. This study was conducted in Hamedan
(Geographical Coordinates: 34°48' N, 31°48' E), which
is the capital city of Hamedan Province."® According to
a census performed in 2019, Hamedan had an estimated
population of approximately 783,300 people.” Hamedan is
located at the foot of the Alvand Mountains at an altitude
of 1,800 m above sea level. This region has cold winters and
dry summers. Moreover, the average annual temperature
and rainfall are 3°C and 339 mm, respectively.’

Daily hospital admission data

In this study, all hospitalizations for respiratory diseases
(ICD-10th revision: J0O to J99) and CVDs (ICD-10th
revision: 100 to 199) in the elderly (65 years or older)
were provided by Shahid Beheshti and Farshchian
Cardiovascular Hospitals from 21 March 2018 to 20
March 2019, respectively. These hospitals are affiliated
with Hamadan University of Medical Sciences. Data
included age, date of admission, and diagnosis codes.
Furthermore, pneumonia (J18-19), chronic obstructive
pulmonary disease (COPD) (J40-47), and asthma (J45-46)
were the causes of daily hospital admissions for respiratory
diseases. Moreover, hospital admissions for cardiovascular
outcomes according to the International Classification of
Diseases included ischemic heart disease (IHD) (120-25),
myocardial infarction (MI) (I121-22), and stroke (160-69).
Since then, the average number of daily admissions for
both diseases has been higher for older people than for
people younger than 65 years. Additionally, the average
daily admissions for both diseases were higher for people
over 65 than for people under 65. This study was limited
to older people.

Air pollutants and meteorological data

Daily mean air pollutant data, including PM , PM,,
NO,, SO,, CO, and the maximum of 8-hour mean for
O,, were obtained from the Department of Environment
of Hamedan. In addition, meteorological data, including
relative humidity (%), daily temperature (°C), and
wind speed (km/h), which are possible confounding
parameters® for hospital admissions, were obtained from
the Hamedan Meteorological Organization.

Preparation of the data

Data preparation is considered one of the most important
steps in modelling the relationship between air pollution
and admissions to hospital. Therefore, the following steps
were taken in this regard. First, missing data and outliers
were separately checked for all three datasets, including
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hospitalizations, air pollutants, and meteorological
variables. There were no missing values for hospitalization
and meteorological data. However, for air pollutants,
missing data were imputed using the multivariate
method.” Additionally, outlier values for pollutants were
removed based on expert advice from the Environmental
Protection Department. Second, the hospitalized cases
were extracted according to age > 65 years old. The number
of hospital admissions was then counted daily. Finally, the
information on daily hospital admissions was merged
with the data related to air pollutants and meteorological
parameters.

Variable selection

In this part of the study, meteorological variables (humidity,
temperature, and wind speed) and season were added
to the model as potential confounders, and their effects
were adjusted to determine the exact effects of pollutants
on hospital admissions. Before fitting the models, the
Spearmans rank correlation coefficient was obtained
between the pollutants and between the pollutants and the
meteorological parameters, due to the non-normality of
some variables (Figure 1).

First, the Spearman correlation coefficient was used to
examine the colinearity between the variables. There is
a high and positive correlation between PM  and PM, ..
Therefore, PM,, was chosen for two reasons. Initially,
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Air pollution on hospital admissions

several studies in Iran reported that exposure to PM, ,
even at low concentrations, is associated with increased
mortality and hospital admissions due to CVDs and
respiratory diseases.”*** Another reason for selecting
PM,, was that there were fewer missing data for this
pollutant than for PM . Due to the high and negative
correlation between temperature and relative humidity,
only temperature was included in the regression model.
The decision to use the temperature variable was based
on the fact that several studies have shown that there is
a statistically significant correlation between air pollution
and hospital admissions in the warm and cold seasons.”*

Model fitting

In the present study, Poisson and NB generalized linear
models, as well as the NPGL regression model, were
employed to assess the short-term effects of air pollution
on hospitalizations for CVDs and respiratory diseases
in Hamedan. A logarithmic function was utilized for
the modelling,"* while adjusting for other variables (i.e.,
temperature, wind speed, and season). For all three
regression models, the regression coefficients were
also estimated using the maximum likelihood method.
Regression coefficients represent the log-relative rate of
daily hospital admissions associated with a unit increase
in air pollutants. Total respiratory disease, total CVD,
chronic obstructive pulmonary disease (COPD), asthma,
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Figure 1. Spearman’s correlation coefficients (above the main diagonal) and the scatter plot (below the main diagonal) between different pollutants and

meteorological variables
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pneumonia, IHD, myocardial infarction (MI), and stroke
were analyzed separately.

Comparison of the models

The standard error (SE) of coefficients was used to
compare the models. Additionally, to compare the
associations across models, the results were presented
as relative risk (RR) and 95% confidence intervals (CIs)
for every one-unit increase in the respective pollutant
variable. The Akaike information criterion (AIC) was also
utilized as a key metric for model selection, allowing for
the assessment of model fit. Lower AIC values indicate
a better fit, and this criterion was instrumental in
determining the most appropriate model for analyzing the
associations between air pollution and hospital admissions
for respiratory diseases.

Software

All analyses were conducted using R software (version
42.1) for data preparation and fitting the models.”
The dplyr package to count daily hospitalizations and
the mtsdi package were employed to impute missing
data.®®® In addition, the glm and glm.nb functions
were applied to fit Poisson and NB regression models,
respectively. In the NPGL regression model, to estimate
the regression coefficients, all estimating equations were
formed based on the maximum likelihood estimation
method. The maximum likelihood method was used
to estimate the parameters for the NPGL regression
model. The log-likelihood function specific to the NPGL
model was derived and then maximized to obtain the
parameters, including regression coefficients and an
additional parameter. Given the non-linear nature of these
relationships, the Newton-Raphson method was applied,
starting with initial parameter values. Moreover, the log-
likelihood function was approximated using a second-
degree Taylor expansion, requiring the calculation of the
gradient vector and the Hessian matrix. Parameter values

were iteratively updated until convergence was achieved,
with initial estimates typically derived from the NB model,
all implemented in R software.

Results

Descriptive analysis

Overall, 59,687 patients were admitted to Shahid Beheshti
and Farshchian CVD Hospitals from March 21, 2018,
to March 20, 2019. The total of hospital admissions due
to CVD (n=47,214, 79%) was higher than the total of
hospital admissions due to respiratory diseases (n=12,473,
21%). The association between air pollution and hospital
admissions was analyzed for 32,798 people who were older
than 65 years during the study period.

The average daily temperature in Hamedan in 2018,
the relative humidity, and the average wind speed were
12.91°C, 52.86%, and 8.86 km/h, respectively, indicating
the cold weather in Hamedan. Among the pollutants, PM,
with an average of 74.56+30.70 ug/m® and PM, , with an
average of 23.61+9.98 ug/m’ had the highest and lowest
mean concentrations, respectively (Table 1).

For elderly people and in the subgroup of CVD, IHD
was the most common cause of hospital admission, with
an average of 25 cases per day, while COPD had the
highest number of hospital admissions among respiratory
diseases, with an average of more than 2 cases per day
(Table 2).

The correlation analysis revealed that the SO,, NO,, and
CO positively and moderately correlated with each other.
PM, and PM,  displayed the stronger correlation (r=0.76,
P<0.05). The correlation of temperature with PM, , PM, ,
0,, NO,, and SO, was positive, while the correlation of
humidity and wind speed with PM, , PM, , O,, NO,, and
SO, was negative (Figure 1).

10’ 2.5

Model results of hospital admissions for cardiovascular
disease
The results of fitting the regression models for CVDs

Table 1. Summary Statistics for the daily concentration of air pollution and meteorological variables in Hamedan from 21st March 2018 to 20th March 2019

Concentration/Day

Variables
Mean SD Min P25 P50 P75 Max
Air pollutants (24-hour average)
PM,; (pg/m’) 74.56 30.70 16.21 50.00 75.20 92.29 216.21
PM, ; (ug/m’) 23.61 9.98 5.89 17.08 23.43 28.04 90.97
NO, (pg/m’) 3291 4.10 2491 30.68 31.83 34.18 65.78
SO, (pug/m’) 31.80 3.99 20.25 29.13 31.62 33.93 46.01
CO (mg/m’) 1.65 0.59 0.49 1.26 1.61 1.96 5.45
O, (8 h average) (ug/m?) 27.88 8.44 11.27 21.32 27.54 34.22 57.68
Weather variables
Temperature ('C) 12.91 9.66 7.10 4.10 12.20 21.60 30.10
Relative humidity (%) 52.86 24.03 16.00 26.75 57.50 72.75 98.62
Wind speed (km/h) 8.86 4.13 1.35 6.15 8.10 11.25 27.45

Note. SD: Standard deviation; P25: 25th percentile; P50: 50th percentile (median); P75: 75th percentile; Min.: Minimum; Max.: Maximum; O,: Ozone; NO,:
Nitrogen dioxide; CO: Carbon monoxide; SO,: Sulfur dioxide; PM, .: Fine particulate matter; PM, : Inhalable particulate matter
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and respiratory diseases are presented in Tables 3 and 4,
respectively. A significant association was found between
air pollution and admission to hospital for all CVDs
(100-199) in all three models (P<0.05). For the majority
of pollutants, the precision of the regression coefficients
estimated in the NPGL model was higher, while the
SE was lower in this model than in the NB and Poisson
models. Based on the NPGL model, the relative risk for
CO was 1.307 (95% CI: 1.270-1.345). For every one-unit
increase in CO concentration, hospitalizations due to
CVD increased by 30.7%. Furthermore, the AIC values
indicated that the Poisson model generally offers a better
fit for the data compared to the NB and NPGL models for
most CVD results (Table 3).

In the stroke subgroup, the NPGL and NB models
showed a significant association between CO and
admission to the hospital. In the NPGL model, the SE
of the estimated regression coefficients for this pollutant
was 44% lower than that in the NB model. Regarding the
stroke analysis, the AIC values demonstrated that the
NPGL model provides the best fit, with an AIC of 2821.25,
followed by the NB model with an AIC of 2997.12, and
finally the Poisson model with an AIC of 3188.04. In all
three models, there was a significant relationship between
NO, exposure and hospitalization for MI. In the NPGL
model, the estimated RR for NO, was more precise than
that in the NB and Poisson models (RR=1.307, 95% CI:
1.270-1.345, Table 3).

Model results of hospital admissions for respiratory
diseases

Based on the results of the fitted models for the association
between air pollution and hospitalization for respiratory
diseases, the SE values of the fitted coefficients for all
pollutants in the NPGL model were lower compared to

Air pollution on hospital admissions

the NB and Poisson models. This finding was observed
in different subgroups of respiratory diseases. It should
be mentioned that all results were obtained by adjusting
for the effects of disturbance factors (temperature, wind
speed, and season). For total respiratory admissions, the
AIC values confirmed that NPGL was the most appropriate
model, with an AIC of 2311.40, followed by the NB model
with an AIC of 2422.61. This suggests that the NPGL
model provides a better fit for the data (Table 4).

A significant and positive association was observed
between exposure to all pollutants except PM,, and
admission to hospital for all respiratory diseases based on
the RR estimated in the NPGL model (P<0.05). CO had
the highest RR among the pollutants (RR=1.422, 95% CI:
1.342-1.507).

In the pneumonia subgroup, all pollutants, except CO,
displayed a considerable association with hospitalizations
in the NPGL model (P <0.05). Regarding asthma, there was
a significant association between exposure to pollutants
and the risk of admission to hospital for asthma (P <0.05).
This correlation was found to be positive for NO, and CO
but negative for O,, SO,, and PM, .. The results further
demonstrated that for every one-unit increase in O,
pollutant concentration, the risk of hospitalization for
COPD increased by 2.3% (RR=1.023, 95% CI: 1.019-
1.027, Table 4).

Discussion

Air pollution is a mixture of gaseous substances and PM
that decreases life expectancy. This serious environmental
challenge can impose considerable direct and indirect
costs on society.”® In 2019, a review study examined the
harmful effects of short-term and long-term exposure
on the cardiovascular system. It was revealed that the
burden of deaths from CVD was greater than previously

Table 2. Summary statistics for daily hospital admissions in Hamedan from 21st March 2018 to 20th March 2019

Number of admissions/Days

Variables ICD-10 Code

Sum Mean SD Minimum Maximum
Total cardiovascular diseases 100-199 47214 129.00 53.27 21.00 264.00
Adults (15-64) 21715 59.05 30.13 4.00 147.00
Elderly (265) 25499 69.86 30.83 7.00 156.00
Sub-diagnoses for elderly
Ischemic heart disease 120-125 9098 25.06 13.14 2.00 71.00
Myocardial infarction 121-122 1220 4.25 2.60 1.00 17.00
Stroke 160-169 94 1.84 1.04 1.00 7.00
Total respiratory disease J00-J99 12473
Age (year)
Adults (15-64) 5174 2.70 2.01 1.00 20.00
Elderly (265) 7299 3.44 2.20 1.00 16.00
Sub-diagnoses for elderly
Pneumonia J18-J19 243 1.44 0.69 1.00 4.00
Chronic obstructive pulmonary disease J40-)47 668 237 1.56 1.00 10.00
Asthma J45-]46 78 1.16 0.44 1.00 3.00

Note. ICD-10: International Classification of Diseases, tenth revision; SD: Standard deviation.
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Table 3. The results of regression model fitting: the effect of pollutants on elderly admissions due to various cardiovascular diseases

Poisson

Negative binomial Poisson-generalized Lindley

Hospital admissions

B (SE) Relative risk (95% CI) B (SE)

Relative risk (95% CI) B (SE) Relative risk (95% CI)

Total cardiovascular

O, 0.011 (0.001) 1.011 (1.008, 1.013) 0.012 (0.005) 1.012 (1.002, 1.021) 0.012 (0.001) 1.012 (1.010, 1.014)
NO, 0.015 (0.002) 1.016 (1.012, 1.019) 0.016 (0.007) 1.016 (1.003, 1.029) 0.016 (0.00T1) 1.016 (1.014,1.017)
CcO 0.225 (0.017) 1.252 (1.210, 1.295) 0.268 (0.070) 1.307 (1.139, 1.500) 0.267 (0.015) 1.307 (1.270, 1.345)
SO, -0.009 (0.002) 0.991 (0.986, 0.996) -0.010 (0.009)  0.990 (0.972, 1.008) -0.012 (0.001) 0.988 (0.987, 0.990)
PM, . 0.00 (0.001) 1.000 (0.999, 1.002) 0.00 (0.003) 1.000 (0.995, 1.006) -0.0003 (0.001) 1.000 (0.998, 1.002)
AIC 3011.470 2956.322 2776.501

Stroke
O, -0.013 (0.023) 0.987 (0.943, 1.033) 0.010 (0.036) 1.010 (0.941, 1.083) -0.006 (0.004) 0.994 (0.986, 1.002)
NO, -0.019 (0.032) 0.981 (0.921, 1.045) -0.026 (0.047)  0.975 (0.889, 1.069) -0.009 (0.004) 0.991 (0.984, 0.998)
CcO -0.174 (0.325) 0.840 (0.436, 1.620) -0.258 (0.507)  0.772 (0.286, 2.087) -0.242 (0.064) 0.785 (0.692, 0.891)
SO, 0.056 (0.040) 1.058 (0.978, 1.144) 0.084 (0.064) 1.088 (0.960, 1.233) 0.069 (0.004) 1.072 (1.064, 1.079)
PM, -0.018 (0.004) 0.982 (0.974, 0.990) -0.010(0.021)  0.990 (0.949, 1.032) - 0.013 (0.005) 0.987 (0.978, 0.996)
AIC 3188.043 2997.122 2821.254

Myocardial infarction
O, 0.003 (0.006) 1.003 (0.991, 1.015) 0.003 (0.006) 1.002 (0.991, 1.015) 0.002 (0.002) 1.002 (0.999, 1.006)
NO, 0.015 (0.007) 1.015 (1.001, 1.029) 0.015 (0.007) 1.015 (1.001, 1.029) 0.015 (0.002) 1.015(1.012, 1.018)
CcO 0.055 (0.085) 0.090 (0.894, 1.247) 0.055 (0.085) 1.058 (0.894, 1.247) 0.056 (0.029) 1.058 (1.000, 1.119)
SO, 0.011 (0.001) 0.011 (0.990, 1.033) 0.011 (0.011) 1.013 (0.990, 1.033) 0.013 (0.002) 1.013 (1.010, 1.017)
PM, | 0.001 (0.003) 0.001 (0.995, 1.008) 0.001 (0.003) 1.001 (0.995, 1.008) 0.001 (0.002) 1.001 (0.997, 1.005)
AIC 3097.153 3014.030 2987.761

Ischemic heart disease
O, 0.005 (0.002) 1.005 (1.000, 1.009) 0.005 (0.002) 1.006 (0.995, 1.018) 0.007 (0.001) 1.007 (1.005, 1.009)
NO, 0.010 (0.003) 1.010 (1.005, 1.015) 0.010 (0.003) 1.010 (0.995, 1.026) 0.010 (0.001) 1.010 (1.008, 1.012)
CcO 0.227 (0.028) 1.255(1.187, 1.327) 0.227 (0.028) 1.330 (1.126, 1.573) 0.285 (0.018) 1.329(1.283, 1.378)
SO, -0.012 (0.004) 0.988 (0.981, 0.996) -0.012 (0.004)  0.989 (0.967, 1.010) -0.012 (0.001) 0.989 (0.986, 0.990)
PM, | 0.00 (0.001) 1.000 (0.998, 1.003) 0.000 (0.001) 1.001 (0.994, 1.006) -0.001 (0.001) 0.999 (0.997, 1.002)
AIC 3243.664 2981.201 2877.065

Note. SE: Standard error; Cl: Confidence interval; O,: Ozone; NO,: Nitrogen dioxide; CO: Carbon monoxide; SO,: Sulfur dioxide; PM, .: Fine particulate matter;

AIC: Akaike information criterion.

imagined.” Several studies suggested that air pollution
not only contributes to cancer and chronic lung disease
but also has adverse effects on the cardiovascular system.
Moreover, air pollutants penetrate the lower respiratory
tract and can help the absorption of organic substances,
heavy metals, and other toxic substances, leading to the
production of free radicals in the lungs and blood.*>*
As previously mentioned, this study investigated the
association between air pollution and hospitalization of
elderly people due to CVDs and respiratory diseases in
Hamedan from March 1, 2018, to March 21, 2019.

Our findings confirmed a positive and significant
association between NO, and hospital admissions for
CVD (100-199). This association was also consistent with
the subgroup of IHD and ML This finding is in line with
the results of other research.** Short-term exposure to
NO, leads to cardiac dysfunction due to physiological
mechanisms, such as inflammatory responses and changes
in autonomic nervous control of the heart.*> However,

some toxicological studies have reported that NO, does
not directly cause respiratory diseases. Nonetheless,
this pollutant prepares the ground for various bacterial
and viral infections of the respiratory system.*® A study
conducted in Hamadan assessed the short-term effects of
air pollution on respiratory hospitalizations. The analysis
revealed a direct and significant association between NO,
levels and an increase in hospital admissions for respiratory
diseases.?! The influence of temperature as a confounding
factor was controlled in the present study. Another study
in Ahvaz showed that for every 1 pug/m’ increase in NO,
concentration in lag0, the risk of hospitalization increased
by 0.06%.%” Conversely, in the present study, the risk of
cardiovascular hospital admissions increased by 1.6%.
The difference in these values can be explained by the
differences in study year, data analysis method, and sample
size. In line with the findings of this research, a positive
association was observed between NO, and hospitalization
for IHD in a study performed in Hanoi, Vietnam.*®
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Table 4. The results of regression model fitting: the effect of pollutants on elderly admissions due to various respiratory diseases

Poisson Negative Binomial Poisson-Generalized Lindley
Hospital admissions
B (SE) Relative Risk (95% CI) B (SE) Relative Risk (95% CI) B (SE) Relative Risk (95% CI)

Total respiratory
O, 0.015 (0.006) 1.015 (1.002, 1.027) 0.016 (0.008) 1.016 (1.001, 1.032) 0.017 (0.002) 1.017 (1.013, 1.020)
NO, -0.009 (0.008) 0.991 (0.976, 1.007) -0.009 (0.010)  0.991(0.971, 1.012) ~ -0.008 (0.002)  0.992 (0.988, 0.995)
cO 0.310 (0.012) 1.364 (1.173, 1.584) 0.343 (0.108) 1.409 (1.140, 1.741) 0.352 (0.030) 1.422 (1.342, 1.507)
SO, 0.022 (0.012) 1.023 (1.00, 1.046) 0.024 (0.015) 1.024 (0.995, 1.055) 0.025 (0.002) 1.026 (1.022, 1.029)
PM, -0.011 (0.004) 0.989 (0.982, 0.997) -0.011 (0.005)  0.989 (0.980, 0.998)  -0.011 (0.002) ~ 0.989 (0.985, 0.993)
AIC 2625.705 2422.612 2311.403

Pneumonia
O, 0.012 (0.013) 1.012 (0.986, 1.039) 0.016 (0.008) 1.016 (1.001, 1.032) 0.015 (0.003) 1.015 (1.009, 1.021)
NO, -0.01 (0.017) 0.990 (0.958, 1.024) -0.009 (0.10) 0.991 (0.971, 1.012) ~ -0.008 (0.002)  0.992 (0.987, 0.997)
coO 0.078 (0.172) 1.081(0.771, 1.514) 0.343 (0.108) 1.409 (1.140, 1.741) 0.054 (0.044) 1.055 (0.967, 1.151)
SO, 0.073 (0.023) 1.076 (1.028, 1.127) 0.024 (0.015) 1.024 (0.995, 1.055) 0.083 (0.003) 1.086 (1.081, 1.091)
PM, | -0.010 (0.009) 0.990 (0.973, 1.007) ~ -0.011 (0.005)  0.989 (0.980, 0.998)  -0.009 (0.003)  0.991 (0.985, 0.997)
AIC 2698.852 2502.411 2409.575

Asthma
O, -0.018 (0.025) 0.982 (0.935, 1.032) -0.019 (0.020)  0.981 (0.932, 1.033)  -0.019 (0.005)  0.982 (0.973, 0.990)
NO, 0.009 (0.031) 1.009 (0.949, 1.072) 0.008 (0.032) 1.008 (0.946, 1.074) 0.010 (0.004) 1.010 (1.003, 1.018)
CcO 0.288 (0.306) 1.334(0.732, 2.432) 0.301 (0.322) 1.352 (0.719, 0.254) 0.273 (0.070) 1.314 (1.145, 1.507)
SO, -0.032 (0.046) 0.968 (0.884, 1.060) -0.035(0.048)  0.966 (0.879, 1.061)  -0.031 (0.004)  0.969 (0.962, 0.977)
PM, . -0.026 (0.016) 0.974 (0.944, 1.005) -0.026 (0.016)  0.974(0.943, 1.006)  -0.025 (0.005)  0.975 (0.965, 0.985)
AlC 2749.505 2673.204 2551.103

Chronic obstructive

pulmonary disease
O, 0.020 (0.008) 1.020 (1.005, 1.036) 0.022 (0.009) 1.022 (1.003,1.040) 0.023 (0.002) 1.023 (1.019, 1.027)
NO, 0.001 (0.010) 1.001 (0.982, 1.021) 0.001 (0.012) 1.001 (0.978, 1.024) 0.001 (0.002) 1.001 (0.997, 1.004)
cO 0.407 (0.092) 1.502 (1.254, 1.798) 0.448 (0.119) 1.565 (1.240, 1.976) 0.477 (0.034) 1.612 (1.509, 1.721)
SO, 0.030 (0.015) 1.003 (0.974, 1.033) 0.004 (0.117) 1.004 (0.970, 1.039) 0.006 (0.002) 1.006 (1.002, 1.010)
PM, | -0.010 (0.005) 0.990 (0.981, 1.000) -0.010 (0.005) 0.990 (0.979, 1.00) -0.011 (0.002)  0.989 (0.984, 0.994)
AIC 2601.693 2518.610 2378.901

Note. SE: Standard error; Cl: Confidence interval; O,: Ozone; NO,: Nitrogen dioxide; CO: Carbon monoxide; SO,: Sulfur dioxide; PM, .: Fine particulate matter;

AIC: Akaike information criterion.

Regarding the impact of NO, on hospitalization of
patients with respiratory diseases, a positive and significant
association was found in the only asthma subgroup.
Asthma is a chronic inflammatory lung disease, and
people with asthma are sensitive to inhaled irritants (e.g.,
many air pollutants). Capraz et al reported a significant
association between NO, and asthma. Therefore, the
number of asthma hospitalizations increased by 2.3% per
10 units of NO,."?

One of the most important sources of O, is the
combustion of fossil fuels.*” According to the findings
of this study, the increase in O, concentration led to an
increase in the hospitalization of patients with CVD
(100-199). Furthermore, this relationship was observed
in the MI and THD subgroups. This finding is consistent
with the results of several other studies.***! A cohort study
of 2.7 million people using the Cox proportional hazard
model demonstrated a positive and significant association
between long-term exposure to O, and hospitalization

for MI and stroke (HR=1.062, 95% CI: 1.041-1.084).
This relationship was stronger among older age groups
(i.e., 65 years and older).*? On the other hand, Jin et al,
in a cohort study on elderly people, concluded that long-
term exposure to O, increases the incidence of stroke
(HR=1.0026,95% CI: 1.0023-1.0028),* which contradicts
our results, indicating that there was no significant
relationship regarding stroke. This inconsistency may
be due to the different concentrations of air pollution,
people’s behavior, the different designs of the studies,
environmental conditions, and social and economic status
in various regions.

Theresults of this study revealed a positive and significant
relationship between O, and admission to hospital due to
total respiratory diseases and asthma, which conforms to
the findings of some studies.*** Short-term exposure to
O, causes changes in chemical indices and lung structure.
This pollutant enters the respiratory tract and causes
pneumonia.” Based on the NPGL model, exposure to O,
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leads to an increase in hospital admissions for pneumonia.
In contrast to this statement, 9-year data from Bangkok,
Thailand, showed an inverse and significant association
between the daily admissions of patients with pneumonia
and air pollution.* This inconsistency can be explained by
the difference in weather conditions and the concentration
of O,. This is because the average annual temperature and
the average concentration of O, are higher in Bangkok
compared to Hamedan.

In this investigation, a significant and inverse
correlation for the PM, , was only found for the subgroup
of stroke patients, which contradicts the findings of
other studies.***” This finding may be attributed to the
harvesting effect, which implies that highly sensitive
individuals may die shortly after exposure to pollution
and before being hospitalized, leading to an apparent
decrease in hospitalization rates in the following days.
Additionally, it could be due to unadjusted confounding
factors (e.g., behavioral influences on days with very high
pollution). Furthermore, this factor may be related to the
low number of stroke cases in the stroke subgroup. PM is
released by volcanoes, dust storms, grassland fires, tobacco
burning, diesel engines, power plants, road dust, and
industrial processes.’”” Research indicates that PM, has
harmful effects, especially on the cardiovascular system.*
PM causes numerous pathophysiological changes (e.g.,
inflammation and oxidative stress) in various parts of
the cardiovascular system, eventually resulting in the
occurrence of CVD.* In 2018, a systematic review based
on 22 studies performed between 2010 and 2016 aimed to
provide evidence on the impact of air pollution on the risk
of hospitalization. The results demonstrated that PM, _ has
a stronger impact on hospital admissions for CVDs and
respiratory diseases compared to other pollutants.”” A study
in the United States found that the risk of hospitalization
for heart failure on the same day of exposure increased by
1.28% when PM, , concentrations increased by 10 units.*
The reason for the significance of PM, , could be the high
sample size in their study, so that their analysis was limited
to the 204 US counties with more than 200,000 inhabitants.
Similarly, a time-series study of 75 cities in the US showed
that for every 10-unit increase in PM, , exposure, deaths
from heart attack and stroke increased by 1.22% and
1.76%, respectively.”” A multicenter case-crossover study
in Vietnam with 10 million participants confirmed that
increases in air pollution were associated with increases in
hospital admissions for CVD. For example, a positive and
significant correlation was found for PM, , in the province
of Hanoi, the capital of Vietnam. The effects of pollutants
on hospital admissions of people over 65 years of age were
greater than those of individuals under 65 years of age.*
In contrast to the present study, the significance of PM,
may be due to the design of their study (a case-crossover
study). Another study in Europe indicated that the risk
of stroke increased by 40% for every 5 pig per m’ increase
in PM,, exposure.” Based on their study, data from 11
cohorts were collected, and the occurrence of a first stroke

was evaluated. Random-effects meta-analysis was used for
pooled effect estimation. The difference in the method of
data analysis was the reason for the contradictory findings
of their study and the present study.

COPD, asthma, and acute lower respiratory tract
infections are the leading causes of serious illness and
death in the world.”®> Our findings revealed an inverse
association between these diseases and PM, ., which is not
consistent with the results of other studies. A study in China
was designed to estimate the short-term effects of PM
exposure on hospitalizations for pneumonia, COPD, and
asthma. For COPD, these two pollutants were significantly
associated with hospitalization. Moreover, the short-term
effects of PM, , were significant at a delay of 6-16 days,
and the effects of PM, | were noticeable at a delay of 7-11
days. In addition, the effects of air pollutants were more
pronounced in the warm season than in the cold season,
and women and individuals over 65 years had a higher
risk of PM, _ exposure. Conversely, these estimates were
not statistically significant for pneumonia admissions.
However, there was a positive association for both PM, ,
and PM, for admissions to hospital due to COPD.*

Based on the findings of this study, there was a direct and
significant association between SO, and hospitalization
for MI and stroke. In this regard, Nhung et al concluded
that SO, has a positive association with daily hospital
admissions for stroke. Thus, for each interquartile range
increase in SO, concentration, the daily stroke rate
increased by 6.7%.” They further indicated that SO, is
usually released during the combustion of fossil fuels (e.g.,
in domestic heating systems and motor vehicles). It is one
of the principal pollutants in many parts of the world.
Short-term exposure to SO, causes plasma fibrinogen,
oxidative stress, and inflammatory factors, leading to an
increase in blood viscosity and thus CVD.** Furthermore,
the function of the respiratory system decreases due to the
constriction of the bronchial tubes.*® Moreover, exposure
to SO, is associated with an increase in hospitalization due
to COPD and pneumonia. However, there is an inverse
relationship with asthma.

Based on the NPGL model, a strong and positive
correlation was found between CO exposure and
admissions to hospital for CVDs and respiratory diseases
in the present study, which corroborates the findings of
other studies.">* Disturbances in the release of oxygen
in the tissues due to the binding of CO to hemoglobin
impair the function of the heart and cause cardiovascular
events, such as ML’ In addition, toxicological findings
demonstrate that exposure to CO can have direct effects
on the respiratory system.* Rozita et al observed that
exposure to CO increases the risk of admissions to hospital
due to CVDs and respiratory diseases.! Additionally, the
study identified women, children, and the elderly as groups
at high risk from air pollution. Another study in Shiraz
reported that a 1 pug/m® increase in CO levels increased
the risk of hospitalization for IHD by 52% on the day of
exposure.®

8 | ] Res Health Sci. 2026;26(2)



In the present study, an NPGL regression model was
first used in Hamedan to assess the association between
air pollution and hospitalization of cardiovascular and
respiratory patients. On the other hand, the effects of
meteorological parameters (e.g., temperature, humidity,
and wind speed) were controlled as confounding variables.
However, most studies ignore these parameters. One of
the limitations of the study was the missing values for a
number of pollutants. This was an observational study;
therefore, many confounding factors (e.g., socioeconomic
status, smoking status, underlying disease, and the like)
could influence the association between air pollution
and patient admissions to the hospital. Accordingly, it is
suggested that future studies control the effect of these
variables. On the other hand, a case-crossover design can
be used to control confounding factors. Another limitation
of the present study was that the data only covered a one-
year period, which may not capture long-term patterns or
unusual events. Thus, it is suggested that future research
benefit from using multi-year data.

Conclusion

In this study, the estimates obtained from the NPGL
regression model were more accurate compared to the
NB and Poisson models. Based on the results of the
NPGL model, there was a significant association between
air pollution and hospitalizations of cardiovascular and
respiratory patients. This association was stronger for the
CO compared to other pollutants. On the other hand, our
study was limited to the sensitive group of older people.
It is, therefore, necessary for policymakers to plan and
implement health schemes in order to reduce the impact
of air pollution on elderly people.

Acknowledgments

The authors are grateful to the Department of Environment
of Hamadan, Hamadan University of Medical Sciences, and
Hamedan Meteorological Organization for providing air pollutant
concentration data, admission data (Shahid Beheshti Hospital
and Farshchian Cardiovascular Hospital), and climate data,
respectively. Moreover, we thank the Vice-Chancellor of Research
and Technology of Hamadan University of Medical Sciences. This
article is part of a Ph.D. thesis (No. 14020205686) in biostatistics

Highlights

o Air pollution raised cardiovascular/respiratory
hospital admissions of the elderly.

o A new statistical model (New Poisson-generalized
Lindley) proved to be more accurate than traditional
Poisson and negative binomial (NB) models for this

analysis.
o Carbon monoxide had the strongest effect,
increasing  cardiovascular  admissions  and

respiratory admissions by 30.7% and 42.2% per unit
increase, respectively.

o  Policymakers must protect the elderly from the
health effects of air pollution.

Air pollution on hospital admissions

submitted to Hamadan University of Medical Sciences. Finally, the
authors would like to appreciate the Clinical Research Development
Unit of Shahid Beheshti Hospital, Hamadan University of Medical
Sciences, Hamadan, Iran, for their assistance in writing the present
manuscript.

Authors’ Contribution

Conceptualization: Soraya Moamer, Javad Faradmal.

Data curation: Soraya Moamer.

Formal analysis: Soraya Moamer, Javad Faradmal.
Investigation: Soraya Moamer, Javad Faradmal, Mostafa Leili.
Methodology: Soraya Moamer, Javad Faradmal.

Project administration: Soraya Moamer, Javad Faradmal.
Resources: Soraya Moamer.

Software: Soraya Moamer.

Supervision: Javad Faradmal.

Validation: Soraya Moamer, Javad Faradmal, Mostafa Leili.
Visualization: Soraya Moamer, Javad Faradmal.
Writing-original draft: Soraya Moamer.
Writing-review editing: Soraya Moamer, Javad
Mostafa Leili.

Faradmal,

Competing Interests
The authors declare they have no conflict of interests.

Data Availability Statement

Due to restrictions related to our internal review board policy,
the dataset is only available upon reasonable request from the
corresponding author.

Ethical Approval

The Ethics Committee of Hamadan University of Medical
Sciences approved the study protocol (ethical code IR.UMSHA.
REC.1400.410). In addition, individuals’ information (e.g., first
and last names) was published collectively and in the form of
index reports.

Funding
This research received no specific grant from funding agencies in
the public, commercial, or not-for-profit sectors.

Intelligence Use Disclosure

We hereby declare the following regarding the use of artificial
intelligence (Al) tools in our manuscript: (a) Al tools were used “only
for language editing and grammar improvement” in the preparation
of this manuscript; (b) No Al tools were used for data analysis,
interpretation, or generation of any scientific content; (C) The final
content, scientific integrity, and originality of the work are entirely
the responsibility of the authors.

References

1. Rozita WM, Zamtira S, Mohd FI, Mohd TL, Nurul IA,
Muhammad A, et al. Air pollution, cardiovascular and
respiratory admissions in Klang Valley, Malaysia-finding the
effects. Nat Environ Pollut Technol. 2022;21(4):1565-73. doi:
10.46488/NEPT.2022.v21i04.009.

2. Pangaribuan M, Chuang KJ, Chuang HC. Association
between exposures to air pollution and biomarkers of
cardiovascular disease in Northern Taiwan. Atmos Pollut Res.
2019;10(4):1250-9. doi: 10.1016/j.apr.2019.02.008.

3. Karimi B, Shokrinezhad B, Samadi S. Mortality and
hospitalizations due to cardiovascular and respiratory diseases
associated with air pollution in Iran: a systematic review
and meta-analysis. Atmos Environ. 2019;198:438-47. doi:
10.1016/j.atmosenv.2018.10.063.

4. Dastoorpoor M, Goudarzi G, Khanjani N, Idani E,
Aghababaeian H, Bahrampour A. Lag time structure of
cardiovascular deaths attributed to ambient air pollutants in

J Res Health Sci. 2026;26(2) | 9


https://doi.org/10.46488/NEPT.2022.v21i04.009
https://doi.org/10.1016/j.apr.2019.02.008
https://doi.org/10.1016/j.atmosenv.2018.10.063

Moamer et al

17.

Ahvaz, Iran, 2008-2015. Int ] Occup Med Environ Health.
2018;31(4):459-73. doi: 10.13075/ijomeh.1896.01104.

LiuY, Sun J, Gou Y, Sun X, Zhang D, Xue F. Analysis of short-
term effects of air pollution on cardiovascular disease using
Bayesian spatio-temporal models. Int ] Environ Res Public
Health. 2020;17(3):879. doi: 10.3390/ijerph17030879.

Yao C, Wang Y, Williams C, Xu C, Kartsonaki C, LinY, et al.
The association between high particulate matter pollution and
daily cause-specific hospital admissions: a time-series study in
Yichang, China. Environ Sci Pollut Res Int. 2020;27(5):5240-
50. doi: 10.1007/s11356-019-06734-2.

Sicard P, Omidi Khaniabadi Y, Perez S, Gualtieri M, De Marco
A. Effect of O3, PM10 and PM2.5 on cardiovascular and
respiratory diseases in cities of France, Iran and Italy. Environ
Sci Pollut Res Int. 2019;26(31):32645-65. doi: 10.1007/
s11356-019-06445-8.

Soleimani Z, Darvishi Boloorani A, Khalifeh R, Griffin DW,
Mesdaghinia A. Short-term effects of ambient air pollution and
cardiovascular events in Shiraz, Iran, 2009 to 2015. Environ
Sci Pollut Res Int. 2019;26(7):6359-67. doi: 10.1007/s11356-
018-3952-4.

Dastoorpoor M, Masoumi K, Vahedian M, Aghababaeian H,
Sekhavatpour Z, Khanjani N, et al. Associations of short-term
exposure to air pollution with respiratory hospital admissions
in Ahvaz, Iran. Process Saf Environ Prot. 2019;123:150-60.
doi: 10.1016/j.psep.2019.01.012.

Capraz O, Deniz A, Dogan N. Effects of air pollution on
respiratory hospital admissions in Istanbul, Turkey, 2013
to 2015. Chemosphere. 2017;181:544-50. doi: 10.1016/j.
chemosphere.2017.04.105.

Leili M, Nadali A, Karami M, Bahrami A, Afkhami A. Short-
term effect of multi-pollutant air quality indexes and PM2.5
on cardiovascular hospitalization in Hamadan, Iran: a time-
series analysis. Environmental Science and Pollution Research.
2021;28(38):53653-53667. doi:10.1007/s11356-021-14386-
4.

Luyts M, Molenberghs G, Verbeke G, Matthijs K, Ribeiro
EE Jr, Demétrio CG, et al. A Weibull-count approach for
handling under- and overdispersed longitudinal/clustered
data structures. Stat Modelling. 2018;19(5):569-89. doi:
10.1177/1471082X18789992.

Ardiles LG, Tadano YS, Costa S, Urbina V, Capucim MN,
da Silva 1, et al. Negative binomial regression model for
analysis of the relationship between hospitalization and air
pollution. Atmos Pollut Res. 2018;9(2):333-41. doi: 10.1016/j.
apr.2017.10.010.

Altun E. A new two-parameter discrete poisson-generalized
Lindley distribution with properties and applications to
healthcare data sets. Comput Stat. 2021;36(4):2841-61. doi:
10.1007/500180-021-01097-0.

Mohammadian-Khoshnoud M, Habibi H, Manafi B, Safarpour
G, Soltanian AR. Effects of Air Pollutant Exposure on Acute
Myocardial Infarction. Heart Lung Circ. 2023;32(1):79-89.
doi: 10.1016/j.hlc.2022.10.009.

Bahrami Asl F, Leili M, Vaziri Y, Salahshour Arian S, Cristaldi
A, Oliveri Conti G, et al. Health impacts quantification
of ambient air pollutants using Air Q model approach in
Hamadan, Iran. Environ Res. 2018;161:114-21. doi: 10.1016/j.
envres.2017.10.050.

Nadali A, Leili M, Karami M, Bahrami A, Afkhami A. The
short-term association between air pollution and asthma
hospitalization: a time-series analysis. Air Qual Atmos Health.
2022;15(7):1153-67. doi: 10.1007/s11869-021-01111-w.
Sobhanardakani S. Human health risk assessment of potentially
toxic heavy metals in the atmospheric dust of city of Hamedan,
west of Iran. Environ Sci Pollut Res Int. 2018;25(28):28086-93.
doi: 10.1007/s11356-018-2818-0.

IQAIr. Air Quality in Hamedan 2023. Available from: https://

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

www.igair.com/iran/hamadan/hamedan.

Naderi Peikam E, Jalali M. Chemical composition of rainwater
atan urban and two rural stations in the west of Iran, Hamedan.
Environ Earth Sci. 2021;80(17):605. doi: 10.1007/s12665-
021-09865-3.

Moamer S, Faradmal J, Leili M. Short-term effects of air
pollution on hospital admissions of respiratory diseases in
Hamadan, Iran, 2015 to 2021. Environ Sci Pollut Res Int.
2023;30(43):97900-10. doi: 10.1007/s11356-023-29328-5.
Junger WL, Ponce de Leon A. Imputation of missing data in
time series for air pollutants. Atmos Environ. 2015;102:96-
104. doi: 10.1016/j.atmosenv.2014.11.049.

Moradi M, Mokhtari A, Mohammadi MJ, Hadei M, Vosoughi M.
Estimation of long-term and short-term health effects attributed
to PM2.5 standard pollutants in the air of Ardabil (using Air
Q-+model). Environ Sci Pollut Res Int. 2022;29(15):21508-16.
doi: 10.1007/s11356-021-17303-x.

Dehghan A, Khanjani N, Bahrampour A, Goudarzi G, Yunesian
M. The relation between air pollution and respiratory deaths in
Tehran, Iran- using generalized additive models. BMC Pulm
Med. 2018;18(1):49. doi: 10.1186/512890-018-0613-9.

Tasci SS, Kavalci C, Kayipmaz AE. Relationship of
meteorological and air pollution parameters with pneumonia
in elderly patients. Emerg Med Int. 2018;2018:4183203. doi:
10.1155/2018/4183203.

Gongalves FL, de Carvalho LM, Conde FC, do Rosério Dias
de Oliveira Latorre M, Saldiva PH, Braga AL. The effects of
air pollution and meteorological parameters on respiratory
morbidity during the summer in Sdo Paulo city. Environ Int.
2005;31(3):343-9. doi: 10.1016/j.envint.2004.08.004.

R Core Team. R: A Language and Environment for Statistical
Computing. Vienna, Austria: R Foundation for Statistical
Computing; 2022.

Junger W, Junger MW. Package ‘mtsdi’. 2018. Available from:
https://cran.r-project.org/web/packages/mtsdi/index.html.
Wickham H, Frangois R, Henry L, Miiller K, Vaughan D. dplyr:
A Grammar of Data Manipulation. The R Foundation; 2023.
doi: 10.32614/CRAN.package.dplyr.

Pinault L, Tjepkema M, Crouse DL, Weichenthal S, van
Donkelaar A, Martin RV, et al. Risk estimates of mortality
attributed to low concentrations of ambient fine particulate
matter in the Canadian community health survey cohort. Environ
Health. 2016;15:18. doi: 10.1186/512940-016-0111-6.

Miller MR, Shaw CA, Langrish JP. From particles to patients:
oxidative stress and the cardiovascular effects of air pollution.
Future Cardiol. 2012;8(4):577-602. doi: 10.2217/fca.12.43.
Mannucci PM, Harari S, Franchini M. Novel evidence for a
greater burden of ambient air pollution on cardiovascular
disease. Haematologica. 2019;104(12):2349-57. doi: 10.3324/
haematol.2019.225086.

Berhane K, Chang CC, McConnell R, Gauderman WJ, Avol E,
Rapapport E, et al. Association of changes in air quality with
bronchitic symptoms in children in California, 1993-2012.
Jama. 2016;315(14):1491-501. doi: 10.1001/jama.2016.3444.
Wang X, Wang W, Jiao S, Yuan J, Hu C, Wang L. The effects
of air pollution on daily cardiovascular diseases hospital
admissions in Wuhan from 2013 to 2015. Atmos Environ.
2018;182:307-12. doi: 10.1016/j.atmosenv.2018.03.036.
Seposo X, Ueda K, Sugata S, Yoshino A, Takami A. Short-
term effects of air pollution on daily single- and co-morbidity
cardiorespiratory  outpatient visits. Sci Total  Environ.
2020;729:138934. doi: 10.1016/j.scitotenv.2020.138934.
Phosri A, Ueda K, Phung VL, Tawatsupa B, Honda A, Takano H.
Effects of ambient air pollution on daily hospital admissions for
respiratory and cardiovascular diseases in Bangkok, Thailand.
Sci Total Environ. 2019;651(Pt 1):1144-53. doi: 10.1016/j.
scitotenv.2018.09.183.

Dastoorpoor M, Sekhavatpour Z, Masoumi K, Mohammadi

10

| ] Res Health Sci. 2026;26(2)


https://doi.org/10.13075/ijomeh.1896.01104
https://doi.org/10.3390/ijerph17030879
https://doi.org/10.1007/s11356-019-06734-2
https://doi.org/10.1007/s11356-019-06445-8
https://doi.org/10.1007/s11356-019-06445-8
https://doi.org/10.1007/s11356-018-3952-4
https://doi.org/10.1007/s11356-018-3952-4
https://doi.org/10.1016/j.psep.2019.01.012
https://doi.org/10.1016/j.chemosphere.2017.04.105
https://doi.org/10.1016/j.chemosphere.2017.04.105
https://doi.org/10.1007/s11356-021-14386-4
https://doi.org/10.1007/s11356-021-14386-4
https://doi.org/10.1177/1471082X18789992
https://doi.org/10.1016/j.apr.2017.10.010
https://doi.org/10.1016/j.apr.2017.10.010
https://doi.org/10.1007/s00180-021-01097-0
https://doi.org/10.1016/j.hlc.2022.10.009
https://doi.org/10.1016/j.envres.2017.10.050
https://doi.org/10.1016/j.envres.2017.10.050
https://doi.org/10.1007/s11869-021-01111-w
https://doi.org/10.1007/s11356-018-2818-0
https://www.iqair.com/iran/hamadan/hamedan
https://www.iqair.com/iran/hamadan/hamedan
https://doi.org/10.1007/s12665-021-09865-3
https://doi.org/10.1007/s12665-021-09865-3
https://doi.org/10.1007/s11356-023-29328-5
https://doi.org/10.1016/j.atmosenv.2014.11.049
https://doi.org/10.1007/s11356-021-17303-x
https://doi.org/10.1186/s12890-018-0613-9
https://doi.org/10.1155/2018/4183203
https://doi.org/10.1016/j.envint.2004.08.004
https://cran.r-project.org/web/packages/mtsdi/index.html
https://doi.org/10.32614/CRAN.package.dplyr
https://doi.org/10.1186/s12940-016-0111-6
https://doi.org/10.2217/fca.12.43
https://doi.org/10.3324/haematol.2019.225086
https://doi.org/10.3324/haematol.2019.225086
https://doi.org/10.1001/jama.2016.3444
https://doi.org/10.1016/j.atmosenv.2018.03.036
https://doi.org/10.1016/j.scitotenv.2020.138934
https://doi.org/10.1016/j.scitotenv.2018.09.183
https://doi.org/10.1016/j.scitotenv.2018.09.183

38.

39.

40.

41.

42.

43.

44,

45.

M), Aghababaeian H, Khanjani N, et al. Air pollution and
hospital admissions for cardiovascular diseases in Ahvaz,
Iran. Sci Total Environ. 2019;652:1318-30. doi: 10.1016/j.
scitotenv.2018.10.285.

Nhung NT, Schindler C, Dien TM, Probst-Hensch N, Perez
L, Kinzli N. Acute effects of ambient air pollution on lower
respiratory infections in Hanoi children: an eight-year time
series study. Environment International. 2018;110:139-48. doi:
10.1016/j.envint.2017.10.024.

Shahriyari H, Nikmanesh Y, Jalali S, Tahery N, Zhiani Fard A,
Hatamzadeh N, et al. Air pollution and human health risks:
mechanisms and clinical manifestations of cardiovascular
and respiratory diseases. Toxin Rev. 2022;41(2):606-17. doi:
10.1080/15569543.2021.1887261.

Fasola S, Maio S, Baldacci S, La Grutta S, Ferrante G, Forastiere
F, et al. Short-term effects of air pollution on cardiovascular
hospitalizations in the Pisan longitudinal study. Int )
Environ Res Public Health. 2021;18(3):1164. doi: 10.3390/
ijerph18031164.

Pothirat C, Chaiwong W, Liwsrisakun C, Bumroongkit C,
Deesomchok A, Theerakittikul T, et al. Acute effects of
air pollutants on daily mortality and hospitalizations due
to cardiovascular and respiratory diseases. ] Thorac Dis.
2019;11(7):3070-83. doi: 10.21037/jtd.2019.07.37.

Olaniyan T, Pinault L, Li C, van Donkelaar A, Meng ], Martin
RV, et al. Ambient air pollution and the risk of acute myocardial
infarction and stroke: a national cohort study. Environ Res.
2022;204(Pt A):111975. doi: 10.1016/j.envres.2021.111975.
Jin T, Di Q, Réquia WJ, Danesh Yazdi M, Castro E, Ma T, et
al. Associations between long-term air pollution exposure and
the incidence of cardiovascular diseases among American
older adults. Environ Int. 2022;170:107594. doi: 10.1016/j.
envint.2022.107594.

Ortega-Garcia JA, Martinez-Herndndez 1, Boldo E, Carceles-
Alvarez A, Solano-Navarro C, Ramis R, et al. [Urban air
pollution and hospital admissions for asthma and acute
respiratory disease in Murcia city (Spain)]. An Pediatr (Engl Ed).
2020;93(2):95-102. doi: 10.1016/j.anpedi.2020.01.012.
Vahedian M, Khanjani N, Mirzaee M, Koolivand A. Associations
of short-term exposure to air pollution with respiratory hospital
admissions in Arak, Iran. ] Environ Health Sci Eng. 2017;15:17.
doi: 10.1186/s40201-017-0277-z.

46.

47.

48.

49.

50.

51.

52.

53.

54.

55.

Air pollution on hospital admissions

Dominici F, Peng RD, Bell ML, Pham L, McDermott A,
Zeger SL, et al. Fine particulate air pollution and hospital
admission for cardiovascular and respiratory diseases. JAMA.
2006;295(10):1127-34. doi: 10.1001/jama.295.10.1127.

Ab Manan N, Noor Aizuddin A, Hod R. Effect of air pollution
and hospital admission: a systematic review. Ann Glob Health.
2018;84(4):670-8. doi: 10.9204/aogh.2376.

Miller MR, Newby DE. Air pollution and cardiovascular
disease: car sick. Cardiovasc Res. 2020;116(2):279-94. doi:
10.1093/cvr/cvz228.

Dai L, Zanobetti A, Koutrakis P, Schwartz JD. Associations of
fine particulate matter species with mortality in the United
States: a multicity time-series analysis. Environ Health Perspect.
2014;122(8):837-42. doi: 10.1289/ehp.1307568.

Nhung NT, Schindler C, Chau NQ, Hanh PT, Hoang LT, Dien
TM, et al. Exposure to air pollution and risk of hospitalization
for cardiovascular diseases amongst Vietnamese adults: case-
crossover study. Sci Total Environ. 2020;703:134637. doi:
10.1016/j.scitotenv.2019.134637.

Stafoggia M, Cesaroni G, Peters A, Andersen ZJ, Badaloni C,
Beelen R, et al. Long-term exposure to ambient air pollution
and incidence of cerebrovascular events: results from 11
European cohorts within the ESCAPE project. Environ Health
Perspect. 2014;122(9):919-25. doi: 10.1289/ehp.1307301.
Capraz O, Deniz A. Assessment of hospitalizations from
asthma, chronic obstructive pulmonary disease and acute
bronchitis in relation to air pollution in Istanbul, Turkey. Sustain
Cities Soc. 2021;72:103040. doi: 10.1016/j.5c5.2021.103040.
Xie J, Teng J, Fan Y, Xie R, Shen A. The short-term effects of air
pollutants on hospitalizations for respiratory disease in Hefei,
China. Int ] Biometeorol. 2019;63(3):315-26. doi: 10.1007/
500484-018-01665-y.

Amsalu E, Guo Y, Li H, Wang T, Liu'Y, Wang A, et al. Short-
term effect of ambient sulfur dioxide (SO2) on cause-specific
cardiovascular hospital admission in Beijing, China: a time
series study. Atmos Environ. 2019;208:74-81. doi: 10.1016/j.
atmosenv.2019.03.015.

Sepandi M, Akbari H, Naseri MH, Alimohamadi Y. Emergency
hospital admissions for cardiovascular diseases attributed to
air pollution in Tehran during 2016-2019. Environ Sci Pollut
Res Int. 2021;28(28):38426-33. doi: 10.1007/s11356-021-
13377-9.

J Res Health Sci. 2026;26(2) | 11


https://doi.org/10.1016/j.scitotenv.2018.10.285
https://doi.org/10.1016/j.scitotenv.2018.10.285
https://doi.org/10.1016/j.envint.2017.10.024
https://doi.org/10.1080/15569543.2021.1887261
https://doi.org/10.3390/ijerph18031164
https://doi.org/10.3390/ijerph18031164
https://doi.org/10.21037/jtd.2019.07.37
https://doi.org/10.1016/j.envres.2021.111975
https://doi.org/10.1016/j.envint.2022.107594
https://doi.org/10.1016/j.envint.2022.107594
https://doi.org/10.1016/j.anpedi.2020.01.012
https://doi.org/10.1186/s40201-017-0277-z
https://doi.org/10.1001/jama.295.10.1127
https://doi.org/10.9204/aogh.2376
https://doi.org/10.1093/cvr/cvz228
https://doi.org/10.1289/ehp.1307568
https://doi.org/10.1016/j.scitotenv.2019.134637
https://doi.org/10.1289/ehp.1307301
https://doi.org/10.1016/j.scs.2021.103040
https://doi.org/10.1007/s00484-018-01665-y
https://doi.org/10.1007/s00484-018-01665-y
https://doi.org/10.1016/j.atmosenv.2019.03.015
https://doi.org/10.1016/j.atmosenv.2019.03.015
https://doi.org/10.1007/s11356-021-13377-9
https://doi.org/10.1007/s11356-021-13377-9

